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C Textual prompts encode the users’ understanding of the scenes to be depicted and of
O the artistic styles to be employed. However it is unclear which elements of Al art
"h prompting, such as the inclusion of traditional artist names, inform which portion of
'S | the visual outcome.
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Future Work
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| Thanks to the extensibility of our pipeline it will be easy to broaden our
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O g fson De”ed”oncu OpenCV experiments to include other models, especially finetuned model snapshots that
4(:) promise "more artistic” outputs. Besides improving further on phrase extraction, we

G will also extend our pool of feature extraction methods to approaches for object

b Contrast Analysis % Pillow detection, texture analysis and different image embeddings. Most importantly we
|_|>J< aim to get into contact with art historians and Al art practitioners to establish a novel

O . Computational Humanities powered Al analysis interest group in order to consolidate

— =- Generativelmage2Text our work in an insightful and respectful way as a community.
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